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Abstract 

Global insecurity is one of the main challenges facing the world in recent times and Nigeria is among the most affected with thousands of death and loss of properties worth billions of naira. In this regard, studies show that countries are achieving better security through the use intelligence reports where languages play significant roles than through the use of arms and ammunitions. However, previous studies on Nigerian languages have concentrated on language description and documentation with little attention paid to language use for security surveillance and intelligence gathering. This paper, therefore, evaluates Google translate, a type of machine translation, with a view to determining its level of efficiency in translating for the purpose of security surveillance or intelligence gathering, identifying its potentials for achieving better security and the challenges facing its use. The study reveals that Google translate could be used for security surveillance if properly adapted despite the shortcomings of its output. Factors such as multilingualism, inadequate funding, insufficient language resources in Nigerian languages and poor infrastructural development are some of the challenges facing the proposal. The implication is that Nigeria government at all levels can harness the potentials of this tool towards overcoming its security challenges if it invests more in security especially at the state and local government level.
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1.0	Introduction
 
The security of lives and properties is the basic duty of any responsible government or leadership. Hence, every nation or community make concerted effort to protect its followers and the nation as it were from both internal and external aggression. In this way, governments promote peace and tranquility as indicators of economic power and political stability. In this regard, some nations make huge budgetary allocation to national security. Liffler (1990) explains that a nation's power depends on its political stability, social cohesion, and economic productivity as well as the number of its troops, tanks, planes, ships, missiles, and nuclear warheads. These have been a measure of global perception of power. To maintain a nation’s power among other nations, strategic efforts are expected to be put in place which some measure with sophisticated war equipment, size of troops and intelligence gathering. For example Global Fire Power (GFP) reveals that in 2018 USA made budgetary provision for defense to the tune of $647 billion dollars, China, $551 billion, Saudi Arabia, $56.7 billion and Nigeria, 2 billion dollars.

With the introduction of guerilla war, terrorism and kidnappings, it is cheaper and safer to invest in intelligence gathering with both hardware and software war equipment. Apparently, intelligence gathering will prevent and save lives and properties from attacks instead of retroactive repelling of both internal and external aggressions. Perhaps, this informs the huge investment of some nations on translation. Translating what could be seen as a security tip as knowledge information from a foreign language to a target language is considered a security surveillance in intelligence gathering (see D’Angelo 2009). For example, an aspect of the history of Machine Translation (MT) reveals that some of the impetus for the process was to decode messages from the then World Powers (Britain and USSR) (Koehn 2010). Koehn (2010:15) reports that Britain used the computer to crack the German Enigma Code in World War II and decoding language codes seemed like an apt metaphor for MT. He quotes Warren Weaver who is the first MT researcher to have said:

When I look at an article in Russian, I say: ‘This is really written in English, but it has been coded in some strange symbols. I will now proceed to decode (Weaver, 1947, 1949 in Koehn 2010:15).
 
An activity like Weaver’s is what Flavius-Cristian and Andrea (2013) see as intelligence gathering which is the first line of action against terrorism. They explain that intelligence is the process by which certain types of information considered important to national security are required, collected, analysed and presented to the factors of decision. Intelligence is the first line of defense against terrorism. It may guide activities for law enforcement, concentrates under cover actions and determines the scope of military operations. Thus the globalisation of war against terrorism strengthens warning capabilities by joining agencies of information in a multinational network by various means-political, economic and military (Flavius-Cristian (2013: 4-5). 

In the last decade, the level of crime such as kidnapping, armed robbery, militancy and terrorism has been on the increase in Nigeria. Though this may be attributed to many factors, a significant one amongst them is inadequate intelligence gathering.  The approach of security agencies in Nigeria to crime is more reactive than preventive. One of the ways to ameliorate this situation is to improve on intelligence gathering among the various security agencies in the country through the use of Machine Translation of which Google translate is one. Preceding studies on MT as it concerns Nigeria such as Awofolu (2002), XXXX (2010), Eludiora, Salawu, Odejobi and Agbeyangi (2011) and Abiola, Adetumbi, and Oguntimilehin (2015) focus on the output of machine translation. There has not been emphasis on the use of MT for security surveillance in Nigeria. 
This paper, therefore, evaluates Google translate, a type of machine translation, with a view to determining its level of efficiency in translating for the purpose of security surveillance or intelligence gathering, identifying its potentials for achieving better security and the challenges facing its use for translating Nigeria languages especially Igbo and Yoruba languages.
. 

2.0	Studies on Machine Translation and National Defense
Machine Translation is getting computers to translate well-formed and fully idiomatic written expressions in one language into well-formed and equally idiomatic corresponding expression in another language (Awobuluyi, 2010:34-35). XXXX (2010:5), citing (Reifler 1954) perceives it as a complete mechanised process without pre- or post-editor’s intervention, the output of which must be satisfactory with regard to both semantic accuracy and intelligibility. Taking into account semantic accuracy and intelligibility, translation is not an easy task both for human and machine because no two languages can be mirrored exactly the same way. In this regard, Jurafsky and Martin (2000:1) assert that a perfect translation is an illusion because of cultural differences that exist among native speakers of different languages. Hence, attention has shifted recently from Fully Automated Machine Translation to either Machine-aided Translation (MAT) or Human Assisted Translation (HAT). As a consequence, the goal of MT is to produce a gist of the source text in the target text which is susceptible to human editing. 

Notwithstanding the imperfect output of MT, it is one of the fastest means to process the huge information available for processing in order to identify a threat. It is worthy to note that most of the information available for MT are coded in unfamiliar or foreign languages whose translators are either few or not available to meet the required demand especially in emergency situations. In this regard, koh (2003:3) stresses that adequate foreign language capabilities are a must to support traditional diplomatic efforts and public diplomacy programmes, military and peacekeeping missions, intelligence collection, war on terrorism efforts, and international trade. It is key to successful and effective diplomacy, defense, and intelligence gathering. He also reports that US Department of Defense spends $250 million annually to meet its foreign language needs. He suggests that MT would assist in coalition with military operation. Bell (2004:1) also reports that Department of Homeland Security (DHS) intercept countless number of communication which warrant the organisation to sponsor Machine Translation so as to meet the outrageous demand of translation and to prevent any security leakage. He opines that if the DHS were to have a Machine Translator, it would be possible to handle virtually all of their translation needs in-house, and they would only need to go outside of the department for specialist consultations. 

Intelligence is timely information, processed and used.  Flavius-Cristian (2013:7) posit that intelligence must discover potential hidden facts and/or intentions and following such discovery, analyse information in order to be able to act promptly. According to him, information should be obtained and interpreted in time otherwise it will be unhelpful. For instance, the attempt to assassinate the Ambassador of Saudi Arabia was foiled on the basis of information by the FBI (Federal Bureau of Investigation) and DEA (Drug Enforcement Administration). On the basis of the same information, it was established that those involved had also planned bomb attacks against the Saudite and Israel Embassy in Washington.  The information was processed and timely used such that the attack was nipped in the bud. Unfortunately, most of the information in intelligence surveillance are not readily available in English which is a world language. Hence, ‘world powers’ invest hugely to have many languages of the world in MT.  

In recent times, many nations are involved in MT and studies show that for any country to maximise the use of MT for surveillance, it needs to invest heavily in human and infrastructural facilities. The US, for instance, is tremendously involved in MT for a long time now in order to fight terrorism and maintain her position as a world power. As a matter of fact, research started in US as early as 1950s (Hutchins and Somers 1992). Hutchins and Somers (1992:7) report that a full time researcher in MIT, Yehoshua Bar-Hillel was appointed in 1951 to develop MT and he convened the first MT conference in 1952 where the future of research in MT were discussed. There were proposals for dealing with syntax like suggestions that texts should be written in controlled languages. There were also arguments for the construction of sublanguage systems, and recognition of the need for human assistance (pre and post-editing) until fully automatic translation could be achieved. In January 1954, there was the first public demonstration of an MT system which is the handiwork of Leon Dostert at Georgetown University who collaborated with IBM. Some Russian sample sentences were carefully selected which were translated into English, using a very restricted vocabulary of 250 words and just six grammar rules. Although it had little scientific value, it was sufficiently impressive to stimulate the large-scale funding of MT research in the United States and to inspire the initiation of MT projects elsewhere in the world, notably, in the Soviet Union. (See Slocum 1985, Hutchins 1995, 2007, Koehn 2010, Chéragui 2012).

However, activities on MT came to a halt in 1966 due to a report by Automatic Language Processing Advisory Committee (ALPAC) which was setup in 1964 to evaluate the activities and output of MT.  Its report of 1966 states that MT was slower, less accurate and twice expensive compared to human translation and that there was no immediate or predictable prospect of useful Machine Translation. The report put on hold funding in respect to the activities of MT in US for twenty years. However, the restoration of research in MT in the 1980s and the emergence of MT systems in the market place have led to a growing public awareness of the importance of translation tools.  In this regard, Pedtke (1997) reports that the US Government has increasingly used MT in military operations. US deployments in Somalia, Haiti, Saudi Arabia, Macedonia, and Bosnia have acted as the catalyst for developing new Machine Translation systems. The basic applications have been Machine Translation in Command, Control, Communication, Computers, and Intelligence (C4I) Systems, MT systems paired with speech recognition, and MT systems coupled with OCR's. Some interesting prototypes have been developed, some of which have been successful enough to become major projects with deployment. He reported that the Committee on Industry and Technology of the Federal Coordinating Council for Science, Engineering and Technology (FCCSET), set up by White House Office of Science and Technology, has a consensus policy on MT. The report states that the United States Federal Government should play a catalytic role in targeting MT as a critical technology, promoting it and involving United States industries in its development. Promotion of MT also advances the state of several generic technologies such as natural language processing, artificial intelligence, and optical character recognition. As a critical information technology, MT can spin off benefits for society in such areas as health, science, technology, and the environment. Additionally, a strategic investment by the Federal Government in planning, coordinating, and supporting MT development will also contribute to America's defense posture and make it more competitive in the Global Information Age. Specific recommendations include: sponsoring of research; sponsoring enhancements to existing systems to meet validated government needs; evaluation of the performance of existing systems; sponsoring of Machine Translation workshops; and identifying new public and private sector needs in terms of language pairs, domains, and projection of future requirements. The report opines that US Government should have invested more financially considering her spending from 1978 to 1993 on which the report is based. US spent 20 Million dollars during the years under review compared to Europe with 70 million and Japan 200 million. 

More so, the European Union language policy makes Machine Translation a need in the European parliament. The proceedings of the parliament is translated in over 20 languages. This makes the languages readily available for statistical approach to Machine Translation. It has also made many universities from the region to get involved in the process. The leading scholars in the field are emerging from the region. For example, Koehn (2010:16) states that Systran, a commercial MT, has been in use since 1976. Hence, there are competitive Machine Translation Evaluation in the region yearly. As mentioned earlier, Europe spends an estimated 70 million dollars annually on MT. 

Japan invaded the field of Machine Translation in the 1980s. In 1982, a Japanese firm, SHARP, markets its Automatic translator DUET (English - Japanese), this translator was based on rules; an approach to translation transfer. In 1983, a computer giant, NEC developed its own system of translation based on algorithm called PIVOT. It was marketed under the name of Honyaku Adaptor II. In 1986, OK13 also developed a system, PENSEE, which is a translator (Japanese-English) based on rules. Also, Hitachi developed his own translation system (Japanese-English) called HICATS (Hitachi Computer Aided Translation System) which is also based on rules.  


With regard to China, LIU (2011) reports the history of Machine Translation in China. He noted that research activities in this direction were in phases. The first phase, he traced back to December, 1956 when Chinese government released her 1956-1967 prospective plan of Science and Technology Development and automatic translation which was slated as item 41 in the document. LIU also notes that researchers in the institute of Computing Technology (CAS-ICT) and the Institute of Linguistics (CAS-IL) of Chinese Academy of Sciences successfully conducted the first Russian-Chinese Machine translation experiment in China in 1959. This led to many institution embarking on similar projects. The progress was interrupted of for ten years because of culture revolution. However, activities resumed in 1970 and Rule-Based approach took central stage in the 1980s. From 1987, many institute and universities were involved in the Joint study for Multilingual Machine Translation aimed at high quality machine translation for five Asian languages that is, Japanese, Chinese, Thai, Malay, and Indonesian language. The project was supported by Japanese government and it lasted for 10 years. Consequently, three machine translation systems obtained the China’s National Science and Technology Awards. The introduction of Statistical Machine Translation in 2004 marks the third phase of the MT activities in China. However, CAS-ICT group, CAS-IA and Xiamen University (XMY) group held a symposium in 1995 to discuss this approach to MT. The symposium is not the precedence for annual China Workshop on Machine Translation.  
In summary, the foregoing show that MT plays an important role in security surveillance for intelligence gathering, hence, powerful nations are investing heavily in order to protect their territorial integrity. The input to MT which are languages are the most fundamental in this regard. Therefore, these nations ensure that the language resources are developed to the extent that they could be used for this purpose. For this reason, the languages of these nations are not regarded as resource scarce languages.


3.0 	Machine Translation in Nigeria
MT application to African languages started about a decade ago. This may be as a result of the fact that African languages are regarded as resource-scarce languages from a technological point of view (see Pauw, Wagacha and Schryver, 2011). In other words, African languages are languages that have a small or economically disadvantaged user base which are typically ignored by the commercial world (Chan and Rosenfeld 2012). Hence, there are only a handful of machine translators for local languages online and there is no known MT laboratory, at least in Nigeria for Nigerian languages. The Nigerian government has not shown serious commitment towards technologizing the local languages let alone encouraging research in this emerging field like other nations. For example, there is no known policy or regulation where preference is given to local languages, not even in the Nigerian constitution. 

The only known study in Nigeria is XXXX (2017) which developed a statistical machine translation (SMT) also identified as Ibadan SMT in this study. It is a unidirectional (Yoruba-English) system built with 16,434 sentences. The study ranks Ibadan SMT higher than Google Translate (even though Google Translate is bidirectional in its translation operation). The study, using Kohn’s (2010) Human Evaluation rating, discovers that the mean score of human translation in terms of fluency and adequacy is x̄ 4.35 and x̄ 4.37 while Ibadan SMT scored x̄ 2.08 and x̄ 2.05 and Google Translate scored x̄ 1.59 and x̄ 1.64. Meaning that human translation is meaningful, good and comprehensible while both Ibadan SMT and Google Translate translations are poor, not fluent and mostly non-meaningful. Apparently, Ibadan SMT scored higher than Google Translate implying that home grown SMT could perform better than adopted platforms. This affirms that human is still the best translator, however, home-grown SMT could perform better than foreign SMT adapted for our languages. 


With the recent outrageous rise the in the rate of robbery, kidnapping, herdsmen and farmer clashes, banditry,  Boko-Haram and other terrorist attacks, there is need for a concerted effort towards achieving better security through intelligence gathering. Investing in MT, would go a long way to reduce crime rate. Considering the scarcity of MT in the country, there is need to rely on the available one which is Google translate pending when the local ones are developed. The advantage of Google translate is that it has at least the three major Nigerian languages i.e. Igbo, Hausa and Yoruba. In the sub-sections that follow, the study evaluates the output of Google translate to determine the possibility of employing it for security surveillance. 




4.0.	Evaluation of Google Translate 

This sub-section evaluates Igbo and Yoruba Google translate with of view to determining the extent to which it could be used for security surveillance in Nigeria. Although, there is MT for Yoruba, there is no known MT for Igbo except Google translate. Google Translate is a free online translation tool from Google. It is a multilingual bidirectional translation available in quite a number of African languages.

4.1	Demonstration of Igbo Google Translate

Below is an example of English-Igbo translation of Google Translate as against human translation. About 16 sentences having crime related expressions were purposively selected and imputed to Google for translation. They range from simple to complex sentences.  The input and the translation to the target language from Google and Human are presented in the table below.

Table 1

	 
	English Sentence 
	Igbo Translation By Google Translate
	Igbo Translation by Human 

	1
	Olu sees them
	Olu ahụ ha
	Olu hụ̀rụ̀ ha

	2
	He too saw Olú
	Ya onwe ya kwa hụrụ Olú
	Yá nwàkwà hụ̀rụ̀ Olú

	3
	A thief stole your money
	A ohi zuru ego gị
	Onye ohī/Ohī zùrù ego gị̄

	4
	A thief stole his money
	A ohi zuru ya ego
	Onye ohī/Ohī zùrù ego yā

	5
	Olú did not arrive yesterday 
	Olú agaghị ngwa ngwa ụnyaahụ
	Òlú erūteghị̄ ùnyaahụ̀

	6
	Olu has not arrived
	Olu had not arrived
	Òlu erūtēbēghị̄

	7
	Olu is supposed to arrive tomorrow
	Olu-azọrọ na e-abata echi
	Òlu kwesị̀rị̀ ịbàtà echi

	8
	Is it true that Olu arrived yesterday?
	Ọ bụ eziokwu na Olu rutere ụnyaahụ?
	Ọ̀ bụ̀ eziokwū nà Òlu rùtèrè ụ̀nyaahụ̀? 

	9
	Is it true that your car was actually stolen? 
	Ọ bụ eziokwu na ala ụgbọ ala gị n'ezie na zuru?
	Ọ̀ bụ̀ eziokwū nà e zùrù ụgbọalà gị ezū?

	10
	I will kill all of them
	M ga-egbu ha niile
	M gà-ègbu ha niīle/Aga m egbu ha niile

	11
	Western education is killing
	Western mmụta a na-egbu
	Mmụ̀ta ndị ọchā nà-ègbu egbū

	12
	If you feel terrified close your eyes and imagine yourself inside paradise
	[bookmark: _GoBack]Ọ bụrụ na ị na-eche ụjọ Mechie anya gị na were ya na gị n'ime paradaịs
	Ọ bụrụ nà egwù nà-àtụ gị̄, mèchie anya mà hụ̀ta onwe gị n’àlaezē

	13
	In short, prepare for the worst, and hope in the best.'
	Na nkenke, kwadebe maka kasị njọ, na olileanya nke kacha mma. 
	Na nke nke, kwadebe maka ọnọdụ kasị njọ mà nwèe òlìlèanya na nke kacha mma

	14
	I strongly recommend all the brothers and sisters coming from the West to consider attacking America in its own backyard. The effect is much greater, it always embarrasses the enemy, and type of individual decision-making attacks are nearly impossible for them to contain. 
 
	M ike ikwu na ihe niile ụmụnna na-abịa site West tụlee awakpo America mgbe ya backyard. The mmetụta dị ukwuu karị, mgbe ọ embarrasses onye iro, na ụdị mmadụ mkpebi ọgụ bụ fọrọ nke nta agaghị ekwe omume ha nwere.
	Anà m̀ àtụsị alò ikē kà ndị be anyī niīle nọ òbòdò oyìbō busō Àmerịkà agha nà be hā. Ọ gà-èmetụtā ha ǹkè ukwu, ma menye ha bụ ndị irō ifelē, mànà ụ̀dị mwakpo ā, ǹkè otù onye nà-ème, nà-èsi ikē igbòchì

	15
	I strongly recommend all the brothers and sisters coming from the West to consider attacking America in its own backyard.
	M ike ikwu na ihe niile ụmụnna na-abịa site West tụlee awakpo America mgbe ya backyard.
	Ana m atụsịrị ndị be anyi niile nọ obodo oyibo aro ike ka ha buso Amerika agha n’azụ ụlọ ha.

	16
	The effect is much greater, it always embarrasses the enemy, and type of individual decision-making attacks are nearly impossible for them to contain.
	The mmetụta dị ukwuu karị, mgbe ọ embarrasses onye iro, na ụdị mmadụ mkpebi ọgụ bụ fọrọ nke nta agaghị ekwe omume n'ihi ha ka ha nwere.
 
	Mmetụta ya na-adị ukwu karia ma na-emenye onye iro ifele. Udị ọgụ nke otu onye a na-esi ike igbochilata



Out of the 16 output of Google Translate presented above, (2, 8 &10) are very good translations when compared with the human translation. Items (3&4) are not as good as (8&10) but they are meaningful. Item (5) is meaningful but a wrong translation of the source language.  The translation of Items (9, 11&13) is poor but a little meaningful. This is because some key words were translated. For instance, in (9), education and killing were properly translated as mmụta and na-egbu respectively. There was no translation of item (6). Lastly, items (1,7,12,14,15&16) are meaningless even though some words were captured in the translation. For instance, in (14), the words ‘attack’, ‘enemy’, and ‘effect’ were well translated as àwakpo, onye irō, and mmetụta respectively. These are enough to suspect intent for crime. The deficiencies in the compositional meaning of the sentences arise from structural problems which could be associated with Google using the structure of English to translate Igbo. These range from the insertion of English article ‘a’ as in (3&4), poor verb inflection as in (7); omission of functors like prepositions and conjunctions as in (13,14,15,16) and lack of lexical resources to enable translation as in (15&16) e.g. back yard, embarrass. This then suggests that Google Translate could be good for languages with common features (probably languages of the same family like German, French and English that are Germanic language). It should also be noted that with the effort of language policy in Europe, these languages have enough corpora for exercises of this nature. 

4.2	A Demonstration of Yoruba Google Translate
Even though there are a few Yoruba MT, many of them have employed rule-based[footnoteRef:1] approach. Rule-Based approach is a process of MT where the syntactic rules of the languages involved are incorporated into the computer for the purpose translation while statistical approach is a process where a computer learns the structures of the languages involved by itself for the purpose translation.  Google and Ibadan SMT are the known MT that have adopted Statistical approach which is the contemporary approach to MT. Below is the demonstration of Google Translate and human translation of English-Yoruba. [1:  Rule-Base Approach is a process of MT where the syntactic rules of the languages involved are incorporated into the computer for the purpose translation while statistical approach is a process where a computer learns the structures of the languages involved by itself for the purpose translation. ] 


Table 2

	 
	English Sentence 
	Yoruba Translation By Google Translate
	Yoruba Translation by Human 

	1
	Olu sees them
	Olu ri wọn
	Olú rí wọn

	2
	He too saw Olú
	O si ju ri Olu
	Òun náà rí wọn

	3
	A thief stole your money
	A olè ji rẹ owo
	Olè (kan) jí owó rẹ

	4
	A thief stole his money
	A olè ti ji rẹ owo
	Olè (kan) jí owó rẹ̀

	5
	Olú did not arrive yesterday 
	Olu kò de lana
	Olú ò dé lánàá

	6
	Olu has not arrived
	Olu ti ko de
	Olú kò tíì dé

	7
	Olu is supposed to arrive tomorrow
	Olu ti wa ni ikure lati de ọla
	Ó yẹ kí Olú dé ní ọ̀la

	8
	Is it true that Olu arrived yesterday?
	Ṣe o wipe otito Olu de lana?
	Ṣé òótọ́ ni pé Olú dé ní àná 

	9
	Is it true that your car was actually stolen? 
	Ṣe o wipe otito rẹ ọkọ ayọkẹlẹ ti a kosi ji?
	Ṣe tòótọ́ ni pé wọ́n jí ọ̀kọ̀ rẹ

	10
	I will kill all of them
	Emi o pa gbogbo awọn ti wọn
	Màá pa gbogbo wọn/ Èmi ó pa gbogbo wọn

	11
	Western education is killing
	Western eko ti wa ni pipa
	Ẹ̀kọ́ ìwé ń pa ènìyàn

	12
	If you feel terrified close your eyes and imagine yourself inside paradise
	Ti o ba lero bà sunmọ oju rẹ ki o fojuinu ara rẹ inu paradise
	Bí ẹ̀rù bá ń bà ọ́, di ojú rẹ, kí o sì níran ara rẹ ní párádísè

	13
	In short, prepare for the worst, and hope in the best.'
	Ni kukuru, mura fun awọn buru, ati ki o lero ni o dara ju. 
	Ní kúkúrú, múra sílẹ̀ fún oun tí ó burú jùlọ, ki o sì nírètí oun tí o dara jù lọ

	14
	I strongly recommend all the brothers and sisters coming from the West to consider attacking America in its own backyard. The effect is much greater, it always embarrasses the enemy, and type of individual decision-making attacks are nearly impossible for them to contain. 
 
	Mo strongly so gbogbo awọn arákùnrin àti arábìnrin nbo lati awọn West lati ro bàa America ni awọn oniwe-ara ehinkunle. Awọn ipa jẹ Elo tobi, ti o nigbagbogbo embarrasses awọn ọta, ati iru ti olukuluku ipinnu-ṣiṣe ku ni o wa fere soro lati wọn lati ni.
	Mo fi tọkàn tọkàn rọ gbogbo arakùnrin àti arábìnrin tí ó ń bọ̀ láti Ìwọ̀-oòrùn láti gbógun ti Amẹ́ríkà ni ẹ̀yìnkùlé rẹ̀. Ipa bẹ́ẹ̀ a máa pọ̀, ó sì máa ń dójú ti ọ̀tá àti pé ipinnu ẹnìkọ̀ọ̀kan kìí ṣe dá dúro fún wọn. 

	15
	I strongly recommend all the brothers and sisters coming from the West to consider attacking America in its own backyard.
	Mo strongly so gbogbo awọn arákùnrin àti arábìnrin nbo lati awọn West lati ro bàa America ni awọn oniwe-ara ehinkunle.
	Mo fi tọkàn tọkàn rọ gbogbo arakùnrin àti arábìnrin tí ó ń bọ̀ láti Ìwọ̀-oòrùn láti gbógun ti Amẹ́ríkà ni ẹ̀yìnkùlé rẹ̀.

	16
	The effect is much greater, it always embarrasses the enemy, and type of individual decision-making attacks are nearly impossible for them to contain.
	Awọn ipa jẹ Elo tobi, ti o nigbagbogbo embarrasses awọn ọta, ati iru ti olukuluku ipinnu-ṣiṣe ku ni o wa fere soro fun wọn lati ni.
 
	Ipa bẹ́ẹ̀ a máa pọ̀, ó sì máa ń dójú ti ọ̀tá àti pé ìdójúkò ipinnu ẹnìkọ̀ọ̀kan kìí ṣe dá dúro fún wọn.










From the 16 Google Translate translations above only (1 and 5) could be said to be meaningful and conveying the interpretation of the source text even though they are not appropriately tone marked. Data (3, 4, 6, 8, 10 & 13) are good translations but they do not conform to Yoruba language sentence structure.   It is observed that article a in (3 & 4) is retained in the translation with the retention of English NP structure in the object position of the Yoruba equivalence. A reversal of that would have resulted into a perfect translation. Data (8 & 10) are instances of transliteration while (6) is an instance wrong placement of the Yoruba aspect. Data (11, 12, 14, 15 &16) were poorly translated with very little meaning even though some words were appropriately translated but with the omission of functors like preposition and conjunctions. None translation of some words like West, Western, strongly and embarrass affected the overall interpretation of the target output. However, some key words like kill, education, brothers and sisters, enemy and back yard were properly translated as pa, ẹ̀kọ́, arákùnrin àti arábìnrin, ọ̀tá and ẹ̀hìnkùle respectively.


4.3	Observations 
The output of Google translate above suggest that, despite its shortcomings, it is a potential tool for intelligence gathering in Igbo and Yoruba languages and other Nigerian languages by implication. This is evident in the proper translation of crime related expressions such as thief, kill, attack, backyard, enemy etc. Therefore, developing a translation system where keywords that can draw the attention of security agencies to a suspected crime discourse in major Nigerian languages will greatly improve security surveillance and improve the security situation of the country. In other words, the communication of suspected criminals could be monitored using this system in order to decode and foil any criminal plan. This will serve as an impetus to developing a full automated MT for Nigerian languages. The proposed system when developed would cripple the linguistic capacity of criminals who hide in their languages to commit crime as well as those who speak only the local languages. This approach would make security surveillance better, easier, economical and more effective among security agencies in Nigeria. The system would also enhance inter-agency operations and improve the intelligence gathering techniques of the security agencies.

5.	Challenges facing the use of MT in Nigeria
There are a number of factors affecting the use of MT in Nigeria. They can be classified into two: linguistic and non-linguistic factors. On the linguistic factors, the first is the scarcity of language resources for developing MT. There are quite a number of languages in Nigeria with no or limited corpus for developing a worthy MT. The evaluation of Igbo and Yoruba Google translate show that the language corpus used is impoverished. This evident in the number expressions that were not translated. The second is the multilingual nature of the country. Nigeria is known to have about 400 living languages. Since crime has no ethnic group, it is important to have small group languages included in the plan for MT aside the three major languages. Thirdly, scarcity of language experts as well as computational linguists in some Nigerian languages. 

On the non-linguistic factors such as poor funding of security, recruitment of unqualified security personnel, unfavourable government policies, lack of or inadequate security apparatus for intelligence gathering such as a close circuit television (CCTV), drones, computers and other audio and audio-visual devices, drones, and inadequate investment in intelligence gathering and corruption are some of the challenges facing the use of MT in Nigeria. However, it is possible to overcome this challenges if there is synergy among the stakeholders involved such as linguists, computer scientists, security agencies and the representatives of government at all levels

6.0	Conclusion 
Although the output of Google Translate is not linguistically adequate, it is sufficient for a meaningful security surveillance in Nigeria considering the tremendous increase in crime rate and the multilingual nature of the country. A substantial machined translation aided security surveillance could be achieved in Nigeria with a synergy between Federal and State governments in developing a home grown MT for security surveillance, keywords for danger alert in Nigerian languages and providing the necessary technologies and infrastructure. This could be financed by both public-private partnership.  The benefit of this proposal if adequately implemented would be enormous.
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